Jdl aui dlaa

e Loio 119 il 1 & Luslyald

813) 3aa5 A 8999 Web Mining <usd (2 <widilll y Data Mining Ut ¢e il
BB REY asa g a3 )

Data Mining And Web Mining And Their Role In Enhancing Knowledge
Management And Supporting Decision-Making

Fathia Mohamed Issa

48 pall 33 - claglaall ale (aadl - Bans Gy jadlae dlal) daala- 48 mall 3 o) 6382

DOI: https://doi.org/10.64355/agjhss252

[@IoEol

enil) &l a5 el 5ol Qi) S 5e (e yai /2025 © delaia¥) s Al cilud jall G jall i dlas
(CC BY-NC-SA)=uY) g liall dunssa (a5 alaly oy b on sarde jsa suaall da gibe Aiall 028
https://creativecommons.org/licenses/by-nc-sa/4.0/



https://doi.org/10.64355/agjhss252
https://creativecommons.org/licenses/by-nc-sa/4.0/

v 20/08/2025 o Wl ,5 sagll 2 laoYl éucloazVls @l wlwlal) o)ell zuls dlxo

upl;..\.!.hihn
Aprtaisdly el 01 Ol padl
rodlall

U\)sl\ R\ (as.ljﬂ)’.d\ 3)\3) )3)&3(53%31\ #}QU%‘#&M&)M\ )}.ﬂ\éc ;)A\L&h;‘;;\ 2\_“,\)_;]\ AT 8l
(i) e i) Apull) alidl dul jall (i et sl Jee V) ciliy Jals bl ¢ 5iis ana & Jiled) 2l 51 (a6 dals
535 Oaend s ABAll e sleall 2 Al 3y el A8 prall 5 yla) Aadail e o) L ad T LS LeS (Al 43 S g calal o
S Gl ae (JSaell iy calaaiu ) Cul oo siaall uan AR 4o g 8yl cudtl e pala JS5 Al all @3S 5 @l all
Ay IV Aadast) e Jelil) Ay s Gauad s ecliball Cigial s ¢ Gpeddiiuall & gl Jilas 8 & 5l 538 agas

Gl 5 Apanlail) AadasY) yy ghai g s pall 12D Gauand (B aaliy sl i duali el L aladiul of ) gl Ll
WEKA Jis Glain o chlii V) ael @ 5 dpnand) il g ) 3l 3 el Jie Cilsa )l sd geed o Al jall s gl LS )l
Uyeall e il wa Jalail) Al all Ll gl 3 clpasall 5 b ey A jmall GLEIS) s s 9 Sl 36iS (40 28 (KNIME 5
ey A Y 55 ey Al jall Gl AN 2yl 5 sl e slaie ) Jia ) Asladly el alas Gn JelSEll Cana g
1> SICRISP-DM 5 KDD dJis g3les dlaie) dyaal 48l dilals cilill) aa s Jlaall o 3 O gend laadill saeia (38
Sl AL il 3as s cail) ol shad

A8 el 5,130 e o)) i el (i sAoaliial) st

Abstract:

This study investigates the pivotal role of both data mining and web mining in enhancing knowledge
management processes, especially in the context of rapidly expanding and diversifying data environments. It
provides a comprehensive overview of data mining concepts, phases, and technical components, while also
emphasizing the integration of mining techniques into Knowledge Management Systems (KMS) to support
accurate information extraction and informed decision-making. The paper gives particular attention to web mining
and its three branches—content, usage, and structure mining—highlighting their utility in analyzing user behavior,
organizing data, and optimizing digital experiences.

The findings demonstrate that applying data and web mining significantly enhances organizational
performance, educational systems, and marketing strategies. The integration of algorithms such as decision trees,
neural networks, and association rules within tools like WEKA and KNIME was shown to improve analytical
efficiency and expand knowledge discovery. The study also identifies several key challenges, including handling
unstructured data, integrating heterogeneous data sources, and reducing the dependency on costly human expertise.
It recommends investing in multidisciplinary teams combining domain experts and data analysts, and adopting
standardized frameworks such as KDD and CRISP-DM to ensure methodological consistency and replicable
outcomes.

Keywords: Data Mining, Web Mining, Knowledge Management.
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Figure 8: Tanagra Data Mining Tool
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